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Highlights

• Changes to habitats and ecosystems from climate
change will result in shifts in species’ distributions
and increase the likelihood of local and global
extinctions, especially for species with populations
that are already decreasing.

• We built Ecological Niche Model (ENM) projections
of future climatically suitable habitat for the
Daguo Mulian tree (Magnolia grandis), a critically
endangered species of high ecological and cultural
value, to predict the magnitude of potential
distribution shifts in response to climate change.

• Our projections point to significant habitat loss
within conservation areas, as well as a potentially
considerable shift in the location of suitable habitat,
but also that current conservation management
efforts for M. grandis, which include community forest
conservation monitoring and nursery cultivation
efforts, can have success if implemented in an
adaptive management framework with future climatic
suitability in mind.

• A key component to the successful conservation
management of M. grandis and other transboundary
endangered species under climate change will be
effective cross-border conservation partnerships.

Abstract

The Sino-Vietnamese border region is known for having 
unique and high levels of biodiversity. Global climate 
change is expected to alter the region’s climate and 
related changes in habitats and ecosystems will result in 
shifts in species’ distributions and increase the likelihood 
of local and global extinctions. Ecological Niche Models 
(ENMs) are widely used to predict the magnitude of 
potential species distribution shifts in response to 
climate change and inform conservation planning. Here, 
we present climate-based ENM projections of future 
climatically suitable habitat for the Daguo Mulian tree 
(Magnolia grandis), a critically endangered species of 
high ecological and cultural value in the Sino-Vietnamese 
border region. Projections of modeled climatically 
suitable habitat for M. grandis, both for the 2050s and 
2070s, suggest significant habitat loss within conservation 
areas, and a defining shift in the location of suitable 
habitat. Future projections are conservative and do not 
account for dispersal limitations or species interactions 
or other factors, and thus may overestimate potential 
shifts and underestimate losses. Our results suggest that 
current conservation management efforts for M. grandis, 
which include community forest conservation monitoring 
combined with nursery cultivation efforts, can continue to 
have success if implemented in an adaptive management 
framework with long-term research and monitoring to 
inform forward-thinking decisions with future climatic 
suitability in mind. The results also underline how 
endangered species’ distributions may shift across 
borders as they track suitable climates, emphasizing that 
nations will need to cooperate to effectively manage 
threatened species and habitats and prevent extinctions.
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Introduction
The Sino-Vietnamese border region has high 

levels of unique biodiversity as well as a diversity of 
human cultural groups (Sterling et al. 2006). Mainland 
Southeast Asia, which includes the Sino-Vietnamese 
border region, covers only 4% of the earth’s land 
area, but harbors 20-25% of earth’s plant and animal 
species and is considered a global biodiversity hotspot 
(Myers et al. 2000). The hotspot hosts roughly 7,000 
known endemic plant species (which represent 52% 
of the region’s flora; Brooks et al. 2002). Hundreds 
of new species of vertebrates and plants have been 
described in Vietnam alone since 1992 (Sterling et al. 
2006, Bain and Hurley 2011, Graves 2017).

Global climate change is expected to alter 
Southeast Asia’s climate considerably with a 3˚C 
rise in mean annual temperature, a 7% increase in 
wet season rainfall, and a drier dry season by the 
mid to late 21st century (Christensen and Hewitson 
2007, Corlett 2009, Bickford et al. 2010, IPCC 2013). 
These changes are likely to cause major shifts in 
biological communities and resources as novel 
climates appear and major biomes are redistributed 
(Parmesan and Yohe 2003, Corlett 2012). Studies in 
other regions have documented observed impacts 
on species’ distributions, abundance, phenology, 
and body size (e.g. Rosenzweig et al. 2008) or have 
predicted future impacts including extinction risk 
(e.g. Thomas et al. 2004) or vulnerability (e.g. Li et al. 
2013). Indeed, anticipated changes in habitats and 
ecosystems due to climate change will result in shifts 
in species’ distributions that increase the likelihood 
of local and global extinctions, especially for species 
with populations that are already decreasing or are 
otherwise less likely to be able to shift their ranges 
in response to climate (e.g. specialists, less vagile, 
or less fecund species; Estrada et al. 2017, MacLean 
and Beissinger 2017). Although some range shifts 
poleward and upward have already been observed 
(e.g. Chen et al. 2011), the velocity of climate change 
is likely to outpace potential niche-tracking shifts in 
most geographies (e.g. Corlett and Westcott 2013).

There is a need for robust simulations and evidence 
to inform decisions and planning (e.g. Blair et al. 
2012) especially in border contexts, where diverse 
and complex needs must be coordinated alongside 
anticipated climatic shifts. For example, border 
security measures can be a threat to migrating wildlife, 
increasing mortality and reducing genetic diversity 
and effective population sizes (e.g. Linnell et al. 2016), 
which might be exacerbated under climate change. 
Also, the Sino-Vietnamese border region is known 
for its complex social-political history, including most 
recently the Sino-Vietnamese Border War of 1979 
(Zhang 2005). Climate change may put additional 
pressure on already marginalized border communities 
(Wilder et al. 2013), and cross-border collaborations 
will be critical for forward-thinking climate change 
adaptation and mitigation strategies.

In recognition of the high levels of biodiversity 
in the Sino-Vietnamese border region, cross-border 
agreements are already in place between Vietnam, Lao 

PDR, and China to demarcate cross-border biodiversity 
protection zones (Ma et al. 2020). Although promising, 
progress on coordination is slow, and further, there 
has been limited work in the region to model climate-
driven habitat changes for species under anticipated 
future climate change to assess their vulnerability and 
potential gaps in the existing cross-border protected 
area systems given this threat. Indeed, projecting the 
impacts of climate change on species and their habitats 
is one of the main stated needs at the national level in 
ongoing protected area visioning and planning towards 
2030 for both Vietnam and China (MARD 2017).

The Daguo Mulian tree Magnolia grandis Hu and 
W.C. Cheng, V.S. Kumar 2006 is one of the most critically 
endangered plants in the world (CR, decreasing trend; 
GTSG 2014). It has characteristic dark red flowers, 
large oblong-oval fruits, and very large leaves with 
pale undersides that can grow to over 30 cm in length 
(Fig. 1). M. grandis is endemic to the Sino-Vietnamese 
border region in evergreen broad-leaved forests 
between 800-1500 m. elevation (GTSG 2014). Until 
recently, it was observed only in China (southeastern 
Yunnan and southwestern Guangxi) in limited numbers, 
but surveys in 2014-15 revealed previously unknown 
populations in three protected areas in northern 
Vietnam (Hà Giang Province (Quản Bạ, Bắc Mê), and 
Tuyên Quang Province (Na Hang Nature Reserve; 
Nguyen et al. 2014, 2015, Tu et al. 2015).

While populations are decreasing due to habitat 
loss for agricultural expansion and logging (Rivers et al. 
2016), community conservation combined with nursery 
cultivation efforts have seen limited success in both 
Vietnam and China (Gill 2017). However, there is both 
genetic diversity (Xu 2020) and population ecology 
evidence (Chen et al. 2012) for restricted gene flow 
between populations in China that could further 
endanger population survival, likely due to habitat 
fragmentation and very small population size. The 
potential effects of climate change on the habitat of 
M. grandis are unknown.

Figure 1. Photograph of Magnolia grandis in northern 
Vietnam showing the characteristic dark red flower and 
large leaves (photo provided courtesy of Chu Xuan Canh, 
Fauna and Flora International – Vietnam).
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Ecological Niche Models (ENMs, or ‘species 
distribution models’; Franklin 2009, Peterson et al. 
2011, Phillips et al. 2017) are widely used to predict 
the magnitude of potential species distribution 
shifts in response to climate change and inform 
conservation planning (e.g. Blair et al. 2012). 
Correlative ENMs, such as Maxent (Phillips et al. 
2017), use associations between species’ occurrence 
records and environmental variables to characterize 
the environments that are climatically suitable for the 
species. The advantages and disadvantages of these 
models have been discussed at length elsewhere (e.g. 
Pearson and Dawson 2003, Kearney and Porter 2009, 
Dawson et al. 2011). ENMs can be used to infer the 
areas of a species’ range that are likely to experience 
large changes in temperature and precipitation, and 
can therefore be informative about a species’ exposure 
to climate change (Dawson et al. 2011).

Here, we use the presence-background algorithm 
Maxent to model the ecological niche of M. grandis. 
Maxent has been shown to have high performance 
relative to other ENM algorithms (Elith et al. 2006). 
We present, to our knowledge, the first effort to 
characterize climatic niche space for M. grandis in the 
current climate and to estimate the potential impacts 
of global climate change on future climatically suitable 
habitat for this species. We summarize our results to 
provide recommendations for policy-based planning 
and management actions to support coordinated, 
evidence-based transboundary conservation 
management in the face of imminent change. A 
secondary goal of the study is to target new areas to 
survey to find additional undiscovered populations of 
this incredibly rare species.

Materials and Methods
Occurrence locality records for M. grandis were 

downloaded from the Global Biodiversity Information 
Facility (DOI: 10.15468/dl.sadmk7; Catapano et al. 
2011, iBOL 2016, Jennings 2019, Yang and Xu 2019, 
Zhang and Xu 2019, Bijmoer et al. 2020, Orrell 2020) 
and from surveys conducted by the Center for Plant 
Conservation-Vietnam by co-authors NQH and TBN 
(see Data Accessibility Statement, Nguyen et al. 2015, 
Tu et al. 2015). Occurrence records were thinned to 
control for the effects of sampling bias and spatial 
autocorrelation using the R package spthin (Aiello-
Lammens et al. 2015) with a thinning distance of 
10km (based on consultation with species expert and 
coauthor NQH), resulting in 11 occurrences to use for 
the model.

We generated Maxent (v. 3.4; Phillips et al. 2017) 
models to project areas of suitable habitat, or areas 
with suitable environmental conditions, for M. grandis. 
Because Maxent is a presence-background modeling 
approach, to fully capture the climate combinations 
that M. grandis may experience and to which 
they might possibly disperse, we selected a region 
incorporating a 500km buffer around minimum convex 
polygon around occurrence localities. This background 
region was created after careful consultation with 
species expert, co-author NQH. We employed 30 

arc-second bioclimatic variables available from 
worldclim.org (Fick and Hijmans 2017) and masked 
these layers by the selected background region. From 
this background region, we randomly sampled 10000 
background localities. We sampled background from 
all 19 bioclimatic variables despite many of them 
being highly correlated; Maxent, a machine-learning 
algorithm, determines predictor variable importance 
in the context of other variables using internal variable 
selection called L1 regularization (Elith et al. 2011). 
The regularization algorithm can discard redundant 
information and gain novel information even when that 
novel information is relatively small. Removing highly 
correlated variables from the analysis could therefore 
remove a small amount of data that might potentially 
be important. Further, collinearity is expected to 
have a very limited effect on the predictive ability of 
optimally tuned models (Elith et al. 2011, Radosavljevic 
and Anderson 2014).

We generated Maxent models using a range 
of complexities to find the optimally tuned model 
settings. We controlled Maxent complexity in two 
ways, which in combination allow for a wide variety 
of complexities. The first, regularization multiplier, 
enforces penalties for complexity, with higher numbers 
giving higher penalties (Radosavljevic and Anderson 
2014). The second, feature classes, control the shape 
of the modelled response to the data (see Merow et al. 
2013). Specifically, we allowed Maxent to search a 
range of regularization multipliers from one to five 
by intervals of 1. For each of these regularization 
multiplier values, we used linear, linear and quadratic, 
and hinge features. This resulted in a total of 15 total 
models from which to select the optimal settings. 
Model tuning was performed using the R package 
ENMeval (Muscarella et al. 2014). Because of the 
very small sample size of M. grandis, we employed 
an n-1 jackknife approach for withholding testing 
data (Shcheglovitova and Anderson 2013). The 
optimal model was selected using the lowest delta 
Akaike Information Criterion (AICc – small sample 
size corrected) score. We report the performance of 
the optimal model using omission error and the area 
under the receiver operating characteristic curve 
(AUC). For visualization, models were projected in the 
complementary log-log transformation.

The optimal model was then projected under six 
future climate model and socioeconomic pathway 
projections including two global climate models 
BCC-CSM2-MR and MIROC6 for each of three Shared 
Socio-economic Pathways or SSPs from the 2021 IPCC 
6th assessment report CMPI6: SSP2-4.5, SSP3-7.0 and 
SSP5-8.5 (Fick and Hijmans 2017).

We also generated binary model projections for the 
current and all six future projections to calculate the 
mean and projected range of change in suitable habitat 
as well as the proportion of change in suitable habitat 
within conservation areas, following an ensemble 
approach (Araújo and New 2007). Here, suitable habitat 
refers to areas that are predicted as suitable by the 
optimal ENM with suitability values above a threshold; 
models were thresholded using the minimum training 
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presence threshold of the cloglog projection and the 
total areas of overlap were calculated. Conservation 
areas were calculated using the IUCN WCPA database 
(UNEP-WCMC and IUCN 2020) and include all types of 
protected areas including UNESCO Biosphere reserves, 
and thus likely represent overestimates. We also 
calculated the projected amount of shift in suitable 
habitat as the distance of the shift in the centroid of 
the thresholded climatically suitable habitat.

Results
The optimally tuned niche model was made 

using a regularization multiplier of 3 and the linear 
and quadratic feature classes. Models made with 
presence and background data can be evaluated 
several ways. One popular way is to test the model’s 
ability to predict withheld, or testing, data. Another 
way to test a model’s predictive ability is using the 
model’s evaluation-AUC, a measurement of the 
model’s ability to correctly discriminate between a 
true presence and a background locality. The optimal 
model showed an average test omission rate at the 
minimum training presence threshold of 0.091, and 
an average evaluation-AUC of 0.977. Maxent also 
provides users with an assessment of the variables 
used in the model via the Maxent lambda file. These 
variables are not necessarily the most important for 
driving the species’ niche, but rather were identified 
as important for modeling the species. The variables 
with non-zero lambda values were bio2 (Mean Diurnal 
Range), bio7 (Temperature Annual Range), bio9 
(Mean Temperature of the Driest Quarter), bio15 
(Precipitation Seasonality), and bio19 (Precipitation 
of the Coldest Quarter).

The final resulting model successfully predicts 
the known range of M. grandis including the newly 
discovered populations in northern Vietnam but also 
overpredicts outside the current known range (Fig. 2). 
Some overprediction is expected for a climate-only 

based model that does not take into account dispersal 
limitations or species interactions and this should be 
noted when interpreting model results and projections.

Fig. 3 shows the overlap across six future climate 
model and socioeconomic pathway model projections. 
Models predict an overall loss in total area of suitable 
habitat by the 2070s as well as a loss in the amount 
of suitable habitat in existing conservation areas 
(Table 1). Models also predict a geographic shift in 
the location of its most suitable habitat to novel areas 
that could include countries not a part of current 
distribution– Lao PDR and Myanmar (Fig. 3, Table 1). 
Examination of the centroid shifts in suitable habitat 
show predicted shifts are mostly to the south to 
Thanh Hoa Province, Vietnam, to similar elevations as 
the current distribution, while one model projection 
predicts a centroid shift westwards into Northern Lao 
PDR (Fig. 4).

Discussion
The climate-based ENMs for M. grandis performed 

well against validation criteria and successfully 
predicted the known range, including recently 
discovered populations in northern Vietnam, but also 
with some expected areas of overprediction that are 
likely far outside the dispersal capacity of the species. 
The variables that contributed to the optimal ENM 
were largely related to seasonality and the interactions 
of temperature and precipitation at extremes. Some 
of the predicted areas that are closer to the current 
known range may be worth targeting for future surveys 
to potentially find additional populations of this rare 
and endangered species, especially at appropriate 
elevations along the border with Lao PDR (Fig. 2).

Climate-based ENMs projected across a range of 
future scenarios estimated an overall loss in total 
area of climatically suitable habitat for M. grandis 
by the 2070s and a loss in the amount of climatically 
suitable habitat in existing conservation areas. ENMs 

Figure 2. Modeled climatically suitable habitat for the current climate for Magnolia grandis. Black circles represent 
occurrence data used to train the model and green and yellow colors on the map indicate higher modeled suitability.
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also predict a large geographic shift in the location of 
climatically suitable habitat to novel areas, with most 
models projecting a southern shift (Fig. 4).

Given very small population sizes and high 
levels of fragmentation among existing populations 
(Chen et al. 2012, Xu 2020) and the threat of ongoing 
habitat loss for agricultural expansion and logging 
(Rivers et al. 2016), current conservation management 
recommendations for M. grandis focus on increasing 
protection of current habitat and ex situ cultivation 
efforts to enable potential population growth through 
plantings (GTSG 2014). Indeed, community forest 
conservation monitoring combined with nursery 

cultivation efforts have been successful in Vietnam. 
Community conservation teams conduct regular 
patrols across critical habitat areas and M. grandis 
seeds are collected and sown in local nurseries until 
ready to be planted in community forests and in 
cardamom plantations, where fast-growing M. grandis 
trees provide the service of shade (H.Q. Nguyen, Pers. 
Comm.). Fauna and Flora International – Vietnam 
(FFI) reports the successful germination of M. grandis 
seeds in nursery cultivation, with more than 12,000 
seedlings in the Tung Vai nursery ready for planting 
in early 2021 (C.S. Le, Pers. Comm.). Also, surveys 
by FFI in 2020 confirm the successful regeneration 

Figure 3. Climate-based ENM projections for Magnolia grandis for the current climate and future projections to the 
2050s and 2070s with darker red shades indicating increased agreement (overlap) across six future climate model and 
socioeconomic pathway projections (two global climate models BCC-CSM2-MR and MIROC6 for each of three SSPs: 
SSP2-4.5, SSP3-7.0 and SSP5-8.5).

Table 1. Summary including mean (and range) of future projected changes in climatically suitable habitat for Magnolia 
grandis across six different climate model and socioeconomic pathway projections.

Time-frame Change in suitable habitat
in conservation areas

Total projected suitable 
habitat change (km2)

Projected amount of shift 
in the centroid of suitable 

habitat (km)
2050s -10.1% (-13.9 to -3.2) +29,000 (-23,000 to +111,000) 269 (36.1 to 325.0)
2070s -15.3% (-24.0 to -9.5) -38,000 (-75,000 to -2,800) 436.8 (313.0 to 1,025.6)
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of previously planted trees, with at least 500 small 
trees regenerating in Quan Ba around past plantings 
(C.S. Le, Pers. Comm.). The results we present here 
suggest that the success of the current community-
based approach, which combines nursery cultivation, 
planting, and monitoring, can continue to have success 
under future climate change, if implemented in an 
adaptive management framework that takes into 
consideration future climatic suitability. For example, 
the inclusion of a climate-monitoring plan may enable 
adaptive shifts in plans for planting, and potentially 
expansion to new areas via assisted migration.

Such a plan should be facilitated through the 
establishment of long-term ecological research studies 
focused on M. grandis microclimate preferences 

and ecology (García-Hernández and Toledo-Aceves 
2020). While the climate-based ENMs we present 
here successfully predict broad-scale distribution 
trends consistent with the boundaries of wet-warm 
subtropical climate, M. grandis is often known 
specifically to inhabit the sunny south-east or south-
west facing valleys of mountains within this climate 
(GTSG 2014). Indeed, one of the key variables in our 
optimal ENM was mean diurnal range, which also 
points to the potential importance of microclimate for 
fine-scale habitat preference for M. grandis. Further, 
our ENM projections did not display the typical 
‘warming footprint’ (a northern and upslope range 
shift) that many species are predicted to experience 
under climate change. In such cases, local-scale effects 

Figure 4. Centroids of modeled climatically suitable habitat for Magnolia grandis, with a blue square representing the 
centroid for the current predicted distribution and black diamonds representing the centroids of six future projections. 
Background colors depict elevation based upon a SRTM-based elevation data layer (Hijmans et al. 2005) with green 
representing low elevation, yellow mid-elevation, and lighter orange, pink, and white as high elevation, up to 7000m.



Blair et al.

Frontiers of Biogeography 2022, 14.1, e51059 © the authors, CC-BY 4.0 license  7

or aspects of climate change other than temperature, 
like shifts in the seasonal balance of energy and 
water availability, may be more important than 
temperature shifts in determining suitable habitat 
for the species (Rapacciuolo et al. 2014). A long-term 
ecological study incorporating microclimate data could 
provide the input needed to explain the physiological 
reasons why M. grandis diverges from more typical 
‘warming footprint’ patterns, and to enable finer-
scale projections to facilitate more specific adaptive 
management plans around new plantings (e.g. García-
Hernández and Toledo-Aceves 2020).

Adding forward-thinking (adaptive) climate-
based management flexibility to community-based 
efforts will also serve to strengthen resilience of local 
livelihoods including cardamom cultivation in the face 
of anticipated climatic changes. Magnolia conservation 
has other livelihood and conservation benefits as well; 
M. grandis is highly valued for its use in traditional
medicines (Xu 2020), and the world’s largest population
of M. grandis shares its habitat with the Tonkin snub-
nosed monkey (Rhinopithecus avunculus), a critically
endangered primate (FFI 2020).

The majority of our model projections predicted 
a large shift in the centroid of M. grandis climatically 
suitable habitat farther south into Vietnam (Fig. 4). 
Thus, a key component to successful management 
of M. grandis and other transboundary endangered 
species under climate change will be effective cross-
border conservation partnerships. Opportunities 
should be prioritized to strengthen the capacity of 
national and regional conservation and land-use 
planning agency staff in spatial conservation planning 
and transboundary management for climate change 
impacts on biodiversity. This could include for example 
training for scientists, practitioners, and managers 
in ENM and other climate change research methods 
and results interpretation, stakeholder engagement, 
and cross-border cooperation for conservation. 
Organizations such as FFI and the Center for Plant 
Conservation – Vietnam are already engaging in such 
activities. Also, although the guidelines introduced by 
the IUCN SSC (2016) to assess species’ vulnerability 
to climate change include ENMs (Foden and Young 
2016), these guidelines do not mention potential 
model interpretation and uncertainty issues when 
translating these assessments into collaborative 
management plans and actions in transboundary 
contexts. Stakeholder engagement is crucial both to 
generate the most accurate and least biased ENM 
inputs and outputs, and also to best fit the goals 
and preferred outcomes of diverse stakeholder 
communities in complex border contexts (Villero et al. 
2016, Sterling et al. 2017).

Importantly, the future projections we report 
here consider potentially suitable climatic habitat 
only, and do not account for dispersal limitations, 
interactions among species, or other factors such as 
changes in human land use, and thus may overestimate 
potential shifts, but also are likely to underestimate 
losses (Segan et al. 2015). It is critical not to take ENM 
projections as specific predictions for a given species 

or suite of species because ENMs can yield unreliable 
or misleading assessments of relative vulnerability 
to climate change even despite excellent overall 
discrimination ability, transferability, or validation 
(Sofaer et al. 2018). In our case, we focused on 
generalized estimates of risk and vulnerability that in 
consultation with stakeholders would be most useful 
for decision-making. However, additional studies 
could be helpful to account for the effects of dispersal 
limitations, species interactions, and human land use 
changes on our predictions. Further, the long-term 
ecological study suggested above could investigate the 
potential for the species’ ability to adapt to climate 
change.

Also helpful to better inform conservation 
management would be a more detailed understanding 
of M. grandis’ relationship to geological features 
such as limestone karst, since M. grandis is found 
in limestone forest valleys in addition to montane 
evergreen broadleaf forest (GTSG 2014). As discussed in 
other papers in this issue (Blair et al. 2021), limestone 
karst geology is an important limiting ecological 
factor for other species in the region with significant 
implications for estimations of future climatically 
suitable habitat.

Acknowledgements
We thank two anonymous reviewers, Rob Whittaker, 
the co-editors of the special issue M. Le and M. Xu, 
and others including David Gill, Josh Kempinksi, and 
Alexandra Davey for their comments on and support 
for an earlier version of this manuscript. We also 
thank Nguyen Tuan Anh for his collaboration on 
related studies that informed model optimization and 
projection. We are also grateful to the participants 
of the following two international scientific fora for 
inspirational discussions and their feedback on the 
preliminary results of this study: the “Consultation 
and training workshop: Collaborative transboundary 
conservation of vulnerable species and habitats 
under climate change” at Hanoi University of Science, 
Vietnam National University in Hanoi, Vietnam (July 11-
12, 2018) and the symposium entitled “Cross-boundary 
Cooperation for Biodiversity Conservation in Asia under 
Global Change” at Henan University in Kaifeng City, 
China (29-31 July, 2019). This study benefited from the 
support of the Prince Albert II of Monaco Foundation, 
the Center for Biodiversity and Conservation at the 
American Museum of Natural History, the Center 
for Plant Conservation – Vietnam, the Global Trees 
Campaign, Fauna and Flora International – Vietnam 
Program, Hanoi University of Science at Vietnam 
National University, and Henan University.

Author Contributions
MEB led study design and led writing of the 

manuscript, PJG co-led study design, led model 
training, tuning, and projections, and contributed to 
writing the manuscript, NQH co-led study design, led 
the collection of and provided input data, contributed 



Blair et al.

Frontiers of Biogeography 2022, 14.1, e51059 © the authors, CC-BY 4.0 license  8

Climate change threatens Magnolia grandis

to model tuning decisions and contributed to writing 
the manuscript, TBN contributed to the collection of 
input data and to writing the manuscript, and LSC 
contributed to writing the manuscript.

Data Accessibility Statement
Complete R markdown files with model tuning 

procedures and final results are included as online 
supplementary materials, Appendices S1, S2 and S3, 
to this manuscript. Environmental input data used in 
this study are available for free, online at worldclim.
org. For the M. grandis locality data used in this study, 
the GBIF data can be found using the DOI information 
provided, and other data are available upon request, 
due to the sensitive nature of locality information for 
a highly endangered species.

Supplementary Material
The following materials are available as part of the 
online article at https://escholarship.org/uc/fb
Appendix S1. magnolia_modeling.html: Rmarkdown 
file showing the data processing and model tuning 
for Magnolia grandis.
Appendix S2. conservationFunctions.html: Rmarkdown 
file showing the functions that were sourced to 
calculate several of the metrics presented in this paper.
Appendix S3. magnoliaGrandis.html: Rmarkdown file 
showing the outputs of the conservation functions 
that were calculated.

References

Aiello‐Lammens, M., Boria, R., Radosavljevic, A., 
Vilela, B. & Anderson, R. (2015) spThin: an 
R package for spatial thinning of species 
occurrence records for use in ecological niche 
models. Ecography, 5, 541‐545.

Araújo, M.B. & New, M. (2007) Ensemble forecasting 
of species distributions. Trends in Ecology 
and Evolution, 22, 42‐47.

Bain, R.H. & Hurley, M.M. (2011) A biogeographic 
synthesis of the amphibians and reptiles of 
Indochina. Bulletin of the American Museum 
of Natural History, 360, 1‐138.

Bickford, D., Howard, S.D., Ng, D.J.J. & Sheridan, 
J.A. (2010) Impacts of climate change on the 
amphibians and reptiles of Southeast Asia. 
Biodiversity and Conservation, 19, 1043‐
1062.

Bijmoer, R., Scherrenberg, M. & Creuwels, J. 
(2020) Naturalis Biodiversity Center (NL) 
‐ Botany. Naturalis Biodiversity Center.
Occurrence dataset available at https://doi.
org/10.15468/ib5ypt. Accessed via GBIF.org
on 08 November 2020.

Blair, M.E., Rose, R.A., Ersts, P.J., Sanderson, E.W., 
Redford, K.H., Sterling, E.J. & Pearson, R.G. 
(2012) Incorporating climate change into 
conservation planning: identifying priority 
areas across a species’ range. Frontiers of 
Biogeography, 4, 157‐167.

Blair, M.E., Nguyen, T.A., Liu, Z., Xu, M., Sterling, 
E.J., Horning, N., Le, M.D. & Galante, P.J.
(2021) Abiotic drivers of François’ langur
distributions on Sino‐Vietnamese limestone
karsts: Informing conservation management
of an endangered species under climate
change. Frontiers of Biogeography,
https://doi.org/10.21425/F5FBG51838

Brooks, T., Mittermeier, R.A., Mittermeier, C.G., et al. 
(2002) Habitat loss and extinction in the 
hotspots of biodiversity. Conservation Biology, 
16, 909‐923.

Catapano, T., Hobern, D., Lapp, H., Morris, R.A., 
Morrison, N., Noy, N., Schildhauer, M. & Thau, 
D. (2011) Recommendations for the use of
knowledge organisation systems by GBIF.
Global Biodiversity Information Facility,
Copenhagen, Denmark. 49 pp. Digital resource 
available at https://www.gbif.jp/v2/pdf/
gbif_kos_whitepaper_v1.pdf

Chen, I.C., Hill, J., Ohlemüller, R., Roy, D.B. & 
Thomas, C. (2011) Rapid range shifts of 
species associated with high levels of climate 
warming. Science, 333, 1024‐1026.

Chen, S.‐y., Fu, Y.‐p., Wu, T., Sima, Y.‐k., Hao, J.‐b. & 
Han, Y. (2012) Analyses on population pattern 
and endangered causes of endangered species 
Manglietia grandis Hu et Cheng. Journal of 
Plant Resources and Environment, 21, 102‐
106.

Christensen, J.H., B. Hewitson, A. Busuioc, et al. 
(2007) Regional climate projections. In: 
Climate change 2007: The physical science 
basis. Contribution of Working Group I 
to the Fourth Assessment Report of the 
Intergovernmental Panel on Climate Change 
(ed. by S. Solomon, D. Qin, M. Manning, Z. Chen, 
M. Marquis, K.B. Averyt, M. Tignor and H.L.
Miller), pp. 847‐940. Cambridge University
Press, Cambridge, UK and New York, NY, USA.

Corlett, R. (2009) The ecology of tropical East Asia. 
Oxford University Press. Oxford, UK.

Corlett, R. (2012) Climate change in the tropics: the 
end of the world as we know it? Biological 
Conservation, 151, 22‐25.



Blair et al.

Frontiers of Biogeography 2022, 14.1, e51059 © the authors, CC-BY 4.0 license  9

Corlett, R.T. & Westcott, D.A. (2013) Will plant 
movements keep up with climate change? 
Trends in Ecology and Evolution, 28, 482‐488.

Dawson, T.P., Jackson, S.T., House, J.I., Prentice, I.C. 
& Mace, G.M. (2011) Beyond predictions: 
biodiversity conservation in a changing 
climate. Science, 332, 53‐58.

Elith, J., Graham, C. & NCEAS (2006) Novel methods 
improve prediction of species’ distributions 
from occurrence data. Ecography, 29, 129‐151.

Elith, J., Phillips, S.J., Hastie, T., Dudík, M., Chee, Y.E. 
& Yates, C.J. (2011) A statistical explanation 
of MaxEnt for ecologists. Diversity and 
Distributions, 17, 43‐57.

Estrada, F., Tol, R.S.J. & Botzen, W.J.W. (2017) Global 
economic impacts of climate variability and 
change during the 20th century. PLoS ONE, 
12, e0172201.

FFI (2020) Magnolia grandis: ‘Prehistoric plants’. 
Accessed 3 December 2020, from https://
www.fauna-flora.org/species/magnolia-
grandis‐tree.

Fick, S.E. & Hijmans, R.J. (2017) WorldClim 2: new 
1‐km spatial resolution climate surfaces for 
global land areas. International Journal of 
Climatology, 37, 4302‐4315.

Foden, W.B. & Young, B.E. (2016) IUCN SSC guidelines 
for assessing species’ vulnerability to climate 
change. IUCN Species Survival Commission 
Cambridge, UK and Gland, Switzerland. doi.
org/10.2305/IUCN.CH.2016.SSC‐OP.59.en

Franklin, J. (2009) Mapping species distributions. 
Cambridge University Press. Cambridge.

García‐Hernández, M.d.l.Á. & Toledo‐Aceves, T. 
(2020) Is there potential in elevational 
assisted migration for the endangered 
Magnolia vovidesii? Journal for Nature 
Conservation, 53, 125782.

Gill, D. (2017) Sowing seeds of hope for a critically 
endangered magnolia in Vietnam. Accessed 
3 December 2020, from https://globaltrees.
org/news‐blog/sowing‐seeds‐of‐hope‐for‐a‐
critically‐endangered‐magnolia‐in‐vietnam/.

Graves, M. (2017) World Wildlife Fund for 
Nature Report: stranger species. Accessed 3 
December 2020, from https://greatermekong.
panda.org/discovering_the_greater_mekong/
species/new_species/stranger_species/.

GTSG (2014) (Global Tree Specialist Group). 
Magnolia grandis. The IUCN Red List of 
threatened species 2014: e.T32428A2818863. 

Accessed 02 November 2020, from https://
dx.doi.org/10.2305/IUCN.UK.2014‐1.RLTS.
T32428A2818863.en.

Hijmans, R.J., Cameron, S.E., Parra, J.L., Jones, P.G. 
& Jarvis, A. (2005) Very high resolution 
interpolated climate surfaces for global land 
areas. International Journal of Climatology, 
25, 1965‐1978.

iBOL (2016). International Barcode of Life project 
(iBOL). Occurrence dataset available at 
https://doi.org/10.15468/inygc6. Accessed 
via GBIF.org on 08 November 2020.

IPCC (2013) Climate change 2013: the physical 
science basis. Contribution of Working 
Group I to the Fifth Assessment Report of the 
Intergovernmental Panel on Climate Change. 
Cambridge University Press, Cambridge, UK 
and New York, NY, USA, 1535 pp.

Jennings, L. (2019) University of British Columbia 
Herbarium (UBC) ‐ vascular plant collection. 
Version 16.6. University of British Columbia. 
Occurrence dataset available at https://doi.
org/10.5886/rtt57cc9. Accessed via GBIF.org 
on 08 November 2020.

Kearney, M. & Porter, W. (2009) Mechanistic niche 
modelling: combining physiological and 
spatial data to predict species’ ranges. Ecology 
Letters, 12, 334‐350.

Kumar, V. (2006) New combinations and new 
names in Asian Magnoliaceae. Kew Bulletin, 
61, 183‐186.

Li, X., Tian, H., Wang, Y., Li, R., Song, Z., Zhang, F., Xu, 
M. & Li, D. (2013) Vulnerability of 208 endemic
or endangered species in China to the effects 
of climate change. Regional Environmental
Change, 13, 843‐852.

Linnell, J.D.C., Trouwborst, A., Boitani, L., et al. (2016) 
Border security fencing and wildlife: the end 
of the transboundary paradigm in Eurasia? 
PLOS Biology, 14, e1002483.

Ma, C.‐y., Trinh‐Dinh, N.H.A., Nguyen, V.‐T., Le, T.‐D., 
Le, V.‐D., Le, H.‐O., Yang, J., Zhang, Z.‐J. & Fan, 
P.‐F. (2020) Transboundary conservation of 
the last remaining population of the cao vit 
gibbon Nomascus nasutus. Oryx, 54, 776‐783.

MacLean, S.A. & Beissinger, S.R. (2017) Species’ 
traits as predictors of range shifts under 
contemporary climate change: A review and 
meta‐analysis. Global Change Biology, 23, 
4094‐4105.



Blair et al.

Frontiers of Biogeography 2022, 14.1, e51059 © the authors, CC-BY 4.0 license  10

Climate change threatens Magnolia grandis

MARD (2017). Decision 628. Urgent conservation 
action plan for primates in Vietnam to 2025, 
Vision to 2030. Ministry of Agriculture and 
Rural Development (MARD), 87. The Prime 
Minister of Government, Socialist Republic 
of Vietnam, Hanoi, Vietnam.

Merow, C., Smith, M.J. & Silander Jr, J.A. (2013) 
A practical guide to MaxEnt for modeling 
species’ distributions: what it does, and why 
inputs and settings matter. Ecography, 36, 
1058‐1069.

Muscarella, R., Galante, P.J., Soley‐Guardia, M., Boria, 
R.A., Kass, J.M., Uriarte, M. & Anderson, R.P.
(2014) ENM eval: an R package for conducting
spatially independent evaluations and
estimating optimal model complexity for
Maxent ecological niche models. Methods in
Ecology and Evolution, 5, 1198‐1205.

Myers, N., Mittermeier, R.A., Mittermeier, C.G., da 
Fonseca, G.A.B. & Kent, J. (2000) Biodiversity 
hotspots for conservation priorities. Nature, 
403, 853‐858.

Nguyen, Q.H., Price, V., Xiuting, W. & Jiqin, Y. (2014) 
New populations of threatened trees found in 
China and Vietnam. Oryx, 49, 13‐13.

Nguyen, Q.H., Nguyen, T.H. & Tu, B.N. (2015) 
Preliminary results on the diversity of 
Magnolias of Ha Giang province and their 
conservation status. In: Proceedings of the 6th 
National Conference on Ecology and Biological 
Resources, pp. 130‐136. Hanoi, Vietnam.

Orrell,  T. (2020) NMNH Extant Specimen 
Records. Version 1.37. National Museum 
of Natural History, Smithsonian Institution. 
Occurrence dataset available at https://doi.
org/10.15468/hnhrg3. Accessed via GBIF.org 
on 08 November 2020.

Parmesan, C. & Yohe, G. (2003) A globally coherent 
fingerprint of climate change impacts across 
natural systems. Nature, 421, 37‐42.

Pearson, R.G. & Dawson, T.P. (2003) Predicting the 
impacts of climate change on the distribution 
of species: are bioclimate envelope models 
useful? Global Ecology and Biogeography, 
12, 361‐371.

Peterson, A.T., Soberón, J., Pearson, R.G., Anderson, 
R.P., Martinez‐Meyer, E., Nakamura, M.
& Araújo, M.B. (2011) Ecological Niches
and Geographic Distributions. Princeton
University Press. Princeton, NJ.

Phillips, S.J., Anderson, R.P., Dudík, M., Schapire, R.E. 
& Blair, M.E. (2017) Opening the black box: 
an open‐source release of Maxent. Ecography, 
40, 887‐893.

Radosavljevic, A. & Anderson, R.P. (2014) Making 
better Maxent models of species distributions: 
complexity, overfitting and evaluation. Journal 
of Biogeography, 41, 629‐643.

Rapacciuolo, G., Maher, S.P., Schneider, A.C., et al. 
(2014) Beyond a warming fingerprint: 
individualistic biogeographic responses to 
heterogeneous climate change in California. 
Global Change Biology, 20, 2841‐2855.

Rivers, M., Beech, E., Murphy, L. & Oldfield, S. (2016) 
The Red List of Magnoliaceae: revised and 
extended. Botanic Gardens Conservation 
International, Richmond, UK. 60 pp.

Rosenzweig, C., Karoly, D., Vicarelli, M., et al. (2008) 
Attributing physical and biological impacts 
to anthropogenic climate change. Nature, 
453, 353‐357.

Segan, D.B., Hole, D.G., Donatti, C.I., Zganjar, C., 
Martin, S., Butchart, S.H.M., Watson, J.E.M. & 
Richardson, D. (2015) Considering the impact 
of climate change on human communities 
significantly alters the outcome of species 
and site‐based vulnerability assessments. 
Diversity and Distributions, 21, 1101‐1111.

Shcheglovitova, M. & Anderson, R.P. (2013) 
Estimating optimal complexity for ecological 
niche models: a jackknife approach for species 
with small sample sizes. Ecological Modelling, 
269, 9‐17.

Sofaer, H.R., Jarnevich, C.S. & Flather, C.H. (2018) 
Misleading prioritizations from modelling 
range shifts under climate change. Global 
Ecology and Biogeography, 27, 658‐666.

Sterling, E.J., Hurley, M.M. & Minh, L.D. (2006) 
Vietnam: A Natural History. Yale University 
Press, New Haven.

Sterling, E.J., Betley, E., Sigouin, A., et al. (2017) 
Assessing the evidence for stakeholder 
engagement in biodiversity conservation. 
Biological Conservation, 209, 159‐171.

Thomas, C.D., Cameron, A., Green, R.E., et al. (2004) 
Extinction risk from climate change. Nature, 
427, 145‐148.

Tu, B.N., Nguyen, Q.H., Nguyen, T.H. (2015) Five 
new records of Magnoliaceae Juss. for the 
flora of Vietnam. In: Proceedings of the 6th 



Blair et al.

Frontiers of Biogeography 2022, 14.1, e51059 © the authors, CC-BY 4.0 license  11

National Conference on Ecology and Biological 
Resources, pp. 243‐248. Hanoi, Vietnam.

UNEP‐WCMC & IUCN (2020) Protected planet: the 
world database on protected areas (WDPA) 
(version 11 Nov 2020), Cambridge, UK, UNEP‐
WCMC and IUCN. Digital resource available 
at https://www.protectedplanet.net.

Villero, D., Pla, M., Camps, D., Ruiz‐Olmo, J. & Brotons, 
L. (2016) Integrating species distribution
modelling into decision‐making to inform
conservation actions. Biodiversity and
Conservation, 26, 251‐271.

Wilder, M. Garfin, G., Ganster, P., Eakin, H., Romero-
Lankao, P., Lara‐Valencia, F., Cortez‐Lara, A.A., 
Mumme, S., Neri, C. & Muñoz‐Arriola, F. (2013) 
Climate Change and U.S.‐Mexico Border 
Communities. In: Assessment of Climate 
Change in the Southwest United States: A 
Report Prepared for the National Climate 
Assessment. A report by the Southwest 
Climate Alliance. (ed. by G. Garfin, A.J., R. 
Merideth, M. Black, and S. LeRoy), 340–384. 
Island Press, Washington, DC.

Xu, T. (2020) The genetic diversity and population 
differentiation of Magnolia grandis, An 

endangered and potential herbal medicine 
plant in China. Basic & Clinical Pharmacology 
and Toxicology, 126, 38‐39.

Yang, Z. & Xu, Z. (2019) Some plant specimens from 
KUN, IBSC, NAS Herbarium in China from 1900 
to 1950. Chinese Academy of Sciences (CAS). 
Occurrence dataset available at https://doi.
org/10.15468/irnwew. Accessed via GBIF.
org on 08 November 2020.

Zhang, X. (2005) China’s 1979 war with Vietnam: 
A reassessment. The China Quarterly, 184, 
851‐874.

Zhang, X. & Xu, Z. (2019) Plant specimen in 
Yunnan, China from Herbarium (PE), 
Institute of Botany, Chinese Academy of 
Sciences. Chinese Academy of Sciences (CAS). 
Occurrence dataset available at https://doi.
org/10.15468/kvfygp. Accessed via GBIF.org 
on 08 November 2020.

Submitted: 3 December 2020 
First decision: 5 January 2020 
Accepted: 15 February 2021

Edited by Minh Le and Robert J. Whittaker




